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Discrimination: Definition and Measurement
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How Substantial is Labor Market Discrimination Against
Blacks?
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Table 1: Outcomes From Major Audit Studies For Blacks

(Outcome: Get Job or Not)
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Table 1 

Outcomes From Major Audit Studies For Blacks 
(outcome: get job or not) 

Number of (a) (b) Equal Treatment White Yes, White No, 
Audits Pair Both Get job Neither Gets a Job a+b Black No Black Yes 

Chicago* 
35 1 (5) 14.3% (23) 65.7% 80.0% (5) 14.3% (2) 5.7% 
40 2 (5) 12.5% (25) 62.5% 75.0% (4) 10.0% (6) 15.0% 
44 3 (3) 6.8% (37) 84.1% 90.9% (3) 6.8% (1) 2.3% 
36 4 (6) 16.7% (24) 66.7% 83.4% (6) 16.7% (0) 0% 
42 5 (3) 7.1% (38) 90.5% 97.6% (1) 2.4% (0) 0% 

197 Total (22) 11.2% (147) 74.6% 85.8% (19) 9.6% (9) 4.5% 

Washington* 

46 1 (5) 10.9% (26) 56.5% 67.4% (12) 26.1% (3) 6.5% 
54 2 (11) 20A% (31) 57.4% 77.8% (9) 16.7% (3) 5.6% 
62 3 (11) 17.7% (36) 58.1% 75.8% (11) 17.7% (4) 6.5% 
37 4 (6) 16.2% (22) 59.5% 75.7% (7) 18.9% (2) 5.4% 
42 5 (7) 16.7% (26) 61.9% 77.6% (7) 16.7% (2) 4.8% 

241 Total (40) 16.6% (141) 58.5% 75.1% (46) 19.1% (14) 5.8% 

Denver** 

18 1 (2) 11.1% (11) 61.1% 72.1% (5) 27.8% (0) 0.0% 
53 2 (2) 3.8% (41) 77.4% 81.2% (0) 0.0% (10) 18.9% 
33 3 (7) 21.2% (25) 75.8% 97.0% (1) 3.0% (0) 0.0% 
15 4 (9) 60.0% (3) 20.0% 80.0% (2) 6.7% (2) 13.3% 
26 9 (3) 11.5% (23) 88.5% 100.0% (0) 0.0% (0) 0.0% 

145 Total (23) 15.8% (103) 71.1% 86.9% (7) 4.8% (12) 8.3% 

Note: Results are percentages; figures in parentheses are the relevant number of audits. 
Sources: Heckman and Siegelman (1993). 
* This study was conducted by the Urban Institute. 
** Denver pair numbers are for both black and Hispanic audits. For the sake of brevity, I only consider 
the black audits. The Denver study was not conducted by the Urban Institute but it was conducted to 
conform to Urban Institute practice. 

from three major audits in Washington, D.C., Chicago and Denver. The most re­
markable feature ofthis evidence is the a + b column which records the percentage 
of audit attempts where black and white auditors were treated symmetrically (both 
got a job; neither got a job). In Chicago and Denver this happened about 86 percent 
of the time. The evidence of disparity in hiring presented in the last two columns 
of the table suggests only a slight preference for whites over minorities; in several 
pairs, minorities are favored. Only a zealot can see evidence in these data of per­
vasive discrimination in the U.S. labor market. And, as I will show in the next 
section, even this evidence on disparity has to be taken with a grain of salt, because 
it is based on the implicit assumption that the distribution of unobserved produc­
tivity is the same in both race groups. 
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Table 1: Outcomes From Major Audit Studies For Blacks, Cont’d

(Outcome: Get Job or Not)
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Table 1 

Outcomes From Major Audit Studies For Blacks 
(outcome: get job or not) 

Number of (a) (b) Equal Treatment White Yes, White No, 
Audits Pair Both Get job Neither Gets a Job a+b Black No Black Yes 

Chicago* 
35 1 (5) 14.3% (23) 65.7% 80.0% (5) 14.3% (2) 5.7% 
40 2 (5) 12.5% (25) 62.5% 75.0% (4) 10.0% (6) 15.0% 
44 3 (3) 6.8% (37) 84.1% 90.9% (3) 6.8% (1) 2.3% 
36 4 (6) 16.7% (24) 66.7% 83.4% (6) 16.7% (0) 0% 
42 5 (3) 7.1% (38) 90.5% 97.6% (1) 2.4% (0) 0% 

197 Total (22) 11.2% (147) 74.6% 85.8% (19) 9.6% (9) 4.5% 

Washington* 

46 1 (5) 10.9% (26) 56.5% 67.4% (12) 26.1% (3) 6.5% 
54 2 (11) 20A% (31) 57.4% 77.8% (9) 16.7% (3) 5.6% 
62 3 (11) 17.7% (36) 58.1% 75.8% (11) 17.7% (4) 6.5% 
37 4 (6) 16.2% (22) 59.5% 75.7% (7) 18.9% (2) 5.4% 
42 5 (7) 16.7% (26) 61.9% 77.6% (7) 16.7% (2) 4.8% 

241 Total (40) 16.6% (141) 58.5% 75.1% (46) 19.1% (14) 5.8% 

Denver** 

18 1 (2) 11.1% (11) 61.1% 72.1% (5) 27.8% (0) 0.0% 
53 2 (2) 3.8% (41) 77.4% 81.2% (0) 0.0% (10) 18.9% 
33 3 (7) 21.2% (25) 75.8% 97.0% (1) 3.0% (0) 0.0% 
15 4 (9) 60.0% (3) 20.0% 80.0% (2) 6.7% (2) 13.3% 
26 9 (3) 11.5% (23) 88.5% 100.0% (0) 0.0% (0) 0.0% 

145 Total (23) 15.8% (103) 71.1% 86.9% (7) 4.8% (12) 8.3% 

Note: Results are percentages; figures in parentheses are the relevant number of audits. 
Sources: Heckman and Siegelman (1993). 
* This study was conducted by the Urban Institute. 
** Denver pair numbers are for both black and Hispanic audits. For the sake of brevity, I only consider 
the black audits. The Denver study was not conducted by the Urban Institute but it was conducted to 
conform to Urban Institute practice. 

from three major audits in Washington, D.C., Chicago and Denver. The most re­
markable feature ofthis evidence is the a + b column which records the percentage 
of audit attempts where black and white auditors were treated symmetrically (both 
got a job; neither got a job). In Chicago and Denver this happened about 86 percent 
of the time. The evidence of disparity in hiring presented in the last two columns 
of the table suggests only a slight preference for whites over minorities; in several 
pairs, minorities are favored. Only a zealot can see evidence in these data of per­
vasive discrimination in the U.S. labor market. And, as I will show in the next 
section, even this evidence on disparity has to be taken with a grain of salt, because 
it is based on the implicit assumption that the distribution of unobserved produc­
tivity is the same in both race groups. 
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The Implicit Assumptions Behind the Audit Method
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The Becker Model
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Appendix
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Implicit Identifying Assumptions In The Audit Method
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• Define the productivity of a person of race rin{1, 0}, at firm f ,
with characteristics X

∼
= (X1,X2) as P(X

∼
, r , f ).

• r = 1 corresponds to black; r = 0 corresponds to white.

• Assume that race does not affect productivity so we may write
P = P(X

∼
, f ).

• The treatment at the firm f for a person of race rand
productivity P is T (P(X

∼
, f ), r).

• Racial discrimination exists at firm f if

T (P(X
∼
, f ), r = 1) 6= T (P(X

∼
, f ), r = 0).

Heckman Detecting Discrimination, April 9, 2018 5:47pm 10 / 17



• If P∗
0 = P∗

1 ,

T (P∗
1 , 1)− T (P∗

0 , 0) = γ.
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• P∗
1 = |X ∗

1 + X 1
2 where X 1

2 is the value of X2 for the r = 1
member and P∗

0 = X ∗
1 + X 1

2 . In this case

T (P∗
1 , 1)− T (P∗

0 , 0) = X 1
2 − X 0

2 + γ.
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• However, the decision rule to offer a job or extend credit often
depends on whether or not the perceived productivity P
exceeds a threshold c :

T = 1 if P ≥ c

T = 0 otherwise.
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• Suppose that P = X1 + X2.

• X2 is uncontrolled.

• Then assuming no discrimination (γ = 0)

T (P∗, 1) =1 if X ∗
1 + X 1

2 + f ≥ c

=0 otherwise

T (P∗
0 , 0) =1 if X ∗

1 + X 0
2 + f ≥ c

=0 otherwise.
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Figure 1: Relative Hiring Rate as a Function of the Level of
Standardization

114 journal of Economic Perspectives 

Figure 1 
Relative Hiring Rate as a Function of 
the Level of Standardization. Blacks 
Have More Dispersion. Threshold Hir­
ing Rule: No Discrimination Against 
Blacks Nonnally Distributed Unobserv­
ables 
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Figure 2 
Relative Hiring Rate as a Function of the 
Level of Standardization. Blacks Held to 
Higher Standard; Blacks Have More Dis­
persion. Threshold Hiring Rule: No Dis­
crimination against Blacks Nonnally Dis­
tributed Unobservables 
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Var(X~) = 2.25 Var(Xi) = 1 

c1 = 0.25, c0 = 0 
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Pr(T (Pt, 0) = 1) for most values of the standardization level Xt'. The right tail 
area of the distribution governs the behavior of these probabilities. This implies 
that even if blacks and whites face the same cutoff value, and in this sense are treated 
without discrimination in the labor market, even if the means of the distributions 
of unobservables are the same across race group, if the distributions of the unob­
servables are different, their probabilities of being hired will differ and will depend 
on the level of standardization used in the audit study-something that is rarely 
reported. The pattern of racial disparity in Table 1 may simply be a consequence 
of the choice of the level of standardization in those audits, and not discrimination. 

Worse yet, suppose that the cutoff c = c1 for blacks is larger than the cutoff c 
= c.o for whites so that blacks are held to a higher standard. Then depending on 
the right tail area of X~ and ~. the values of c1 and c.o, and the level of standardi­

zation xt, 

Pr(T (Pf, 1) = 1) ~ P(T (Pt, 0) = 1). 

In general, only if the distributions of X~ and ~ are the same for each race group, 

Notes: Blacks Have More Dispersion. Threshold Hiring Rule: No Discrimination Against Blacks Normally Distributed
Unobservables.
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servables are different, their probabilities of being hired will differ and will depend 
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reported. The pattern of racial disparity in Table 1 may simply be a consequence 
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= c.o for whites so that blacks are held to a higher standard. Then depending on 
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Notes: Blacks Held to Higher Standard; Blacks Have More Dispersion. Threshold Hiring Rule: No Discrimination Against
Blacks Normally Distributed Unobservables.
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• Then depending on the right tail area of X 1
2 and X 0

2 the values
of c1 and c0, and the level of standardization X ∗

1 ,

Pr(T (P∗
1 , 1) = 1) R P(T (P∗

0 , 0) = 1).
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